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1 Introduction

Historical records and empirical analyses have documented that diasporas play an important

role in international trade, especially during the early stages of market formation (Greif, 1993;

Rauch, 2001; Rauch and Trindade, 2002; Pomeranz and Topik, 2017). Rigorous empirical stud­

ies examining the role of diasporas in bringing foreign direct investment (FDI) back to the

countries of their origins, by comparison, are more limited. A notable exception is the study

by Burchardi, Chaney and Hassan (2019) which finds a large positive effect of historical mi­

gration on contemporary FDI flows between U.S. counties and the migrants’ origin countries.

However, existing literature has not answered if diasporas also play a particularly important

role in channeling back pioneering FDI when their origin countries are in the early stages of

development with imperfect institutional environment.

Moreover, it is interesting to test whether diaspora investment fosters the long­run indus­

trial development, particularly in developing countries, where FDI is badly needed. While

it is widely acknowledged by theoretical literature that social affinity like diaspora networks

could mitigate transnational frictions statically by enforcing contracts and providing informa­

tion (Greif, 1993; Gould, 1994; Rauch and Casella, 2003), whether the positive effect of di­

aspora networks on economic development persists in the long run is debatable. On the one

hand, diaspora networks enable international trade and investment to happen even in imper­

fect institutional environment, which may generate positive spillovers on local economy. On

the other hand, relying too much on diaspora networks in doing business may inhibit the in­

stitutional transformation from personal trade to impersonal trade, which is key to maintaining

greater scale of economic exchanges (North, 1990; Greif, 1993). The empirical literature has

rarely examined the aforementioned questions, largely due to the lack of micro data spanning

the whole development process.

To fill the gaps, we exploit the administrative business registration data maintained by the

State Administration of Industry and Commerce of China (SAIC). This data covers the universe

of foreign and domestic firms in China during 1980­2014, a period of rapid reform and opening

up after 30 years of planned economy. When China started its reform and opening up in the late

1970s and 1980s, market institutions were far from adequate. For instance, private ownership
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was not even recognized by the constitution until 2004. Yet, in just several decades, China has

transformed from an impoverished country to the second largest economy in the world, becom­

ing a leading destination for FDI (Huang, 2003). A salient feature is that the initial FDI was

primarily driven by the Chinese diaspora, from Hong Kong, Macao, Taiwan, and South Asian

countries, and was concentrated in coastal regions that are known as the ancestral hometowns

to many overseas Chinese (Vogel, 1990; Lever­Tracy, Ip and Tracy, 1996; Huang, Jin and Qian,

2013; Ye, 2014). The massive FDI from multinationals in developed countries, which were less

related to the diaspora, did not come to fruition until the late 1990s.

Our empirical analyses proceed in several steps. First, we identify whether a foreign firm’s

legal representative is a member of the Chinese diaspora (i.e. overseas Chinese) based on their

name and nationality ID, as indicated in the business registration database. We then define

diaspora firms as foreign firms with overseas Chinese as their legal representatives. We find

that diaspora firms, consistent with the qualitative records (Huang, 2003; Ye, 2014), accounted

for a dominant share of total FDI in the early opening up period of China (see Figure 1).

Second, to quantify the effect of diaspora networks on the previously documented descrip­

tive patterns, we measure the degree of lineage connections between diaspora firms and each

prefecture as the probability of their legal representatives having the prefecture as their ances­

tral origin. This probability is inferred from the surnames of these legal representatives and

the geographic distribution of surnames across Chinese prefectures constructed from the China

Population Survey of 2005. Our construction of the lineage connection measure is motivated

by the fact that the Chinese lineage sustains ties between members of a surname group and their

ancestral hometowns (Szonyi, 2002), and the fact that this lineage culture is largely extended

to overseas Chinese (Kuhn, 2008).

Finally, by leveraging the staggered opening up of Chinese prefectures from the 1980s to

the early 1990s, we conduct an event study, showing that after a prefecture’s opening up, di­

aspora firms were more likely to go to prefectures with stronger lineage connections. We also

find, through an IV strategy, that prefectures that initially attracted more diaspora firms wit­

nessed a greater number of foreign and domestic private firms decades later. The economic

effect is sizable. The seed of a diaspora firm in 1996 at the prefecture level brought about an
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additional 3.232 non­diaspora foreign firm, and about 162 domestic private firms survived as of

2014, providing 4,534 additional jobs by 2015. In conclusion, we find that diaspora networks

with overseas Chinese spurred the entry of diaspora firms during China’s early opening period,

and the long­term benefits of these pioneering diaspora entrants in fostering industrial devel­

opment outweighed the potential negative consequences of relying on informal institutions for

conducting business.

We perform a series of checks to ensure that our findings are robust. First, we address con­

cerns on our measure of lineage connections. We demonstrate that the geographic variation in

surname distributions is stable across birth cohorts in the China Population Survey of 2005 and

our results remain unchanged if using instead the older cohorts which were less likely to mi­

grate prior to 2005 to construct our lineage connection measure. We then use permutation tests

to show that potential errors in our lineage connection measure do not drive our results. Sec­

ond, to deal with concerns on our outcome of interest, we use alternative indicator of diaspora

firm entry considering the problem of zero entry, the survival of entry, and round­trip entrants.

Third, we show that there are rich variation in the geographic distribution of surnames and our

results are present in both the common and the rare surnames, and both the diaspora­intensive

and the non­diaspora­intensive prefectures. Finally, we corroborate that the empirically identi­

fied sorting of diaspora firms into surname­prefecture pairs based on lineage connection could

neither be accounted for by differences in the origin countries nor industry classifications of

diaspora firms — factors commonly emphasized by the prior literature.

This paper also speaks to the literature on FDI spillovers.1 In the context of China, this strand

of literature primarily relies on the Chinese Annual Survey of Industrial Firms (the so called

above­scale industrial firms), which did not start until 1998 (Lin, Liu and Zhang, 2009; Huang,

Jin and Qian, 2013; Wang andWang, 2015; Lu, Tao and Zhu, 2017; Ma, 2018). By 1998, China

already opened up most cities to foreign investment. Our article complements these studies by

using a new data source that covers all the firms regardless of their size and allows us to zoom

in the early opening up period prior to 1998. We also discovered a new spillover channel as­

sociated with diaspora investment: diaspora firms were more likely to be pioneering firms that
1For thorough reviews of the literature on FDI spillovers, see Harrison and Rodríguez­Clare (2010) and Alfaro

(2017).
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entered new sectors and diversified the industrial composition of a prefecture. Moreover, the

FDI literature focuses primarily on identifying spillovers on the productivity of incumbent do­

mestic firms (Aitken and Harrison, 1999; Javorcik, 2004; Alfaro­Urena, Manelici and Vasquez,

2022), largely ignoring the potential benefits on the extensive firm entry margin, which is a

focus of this article.2

Besides, our paper adds to the debate on the economic consequences of international emigra­

tion. One stream of this literature documents that how diasporas either finance the development

of their home countries, or support the consumption of their family members at home through

remittances (Giuliano and Ruiz­Arranz, 2009; Yang, 2011). Another line of research inves­

tigates both the negative impacts and the positive spillovers of the outflows of skilled labor,

i.e. the “brain drains”, on the sending countries (Agrawal et al., 2011; Docquier and Rapoport,

2012). Several recent studies also pointed out the unexpected spillovers of forced emigration,

i.e. returned refugees, on the economic development of home countries (Bahar et al., 2022;

Mayda et al., 2022; Bahar, Parsons and Vézina, 2022). We complement this literature by iden­

tifying the bridging role of the Chinese diaspora in directing foreign investment to their ancestral

hometowns in China and the seeding effects of those early diaspora investment on the long­run

local economic development.

Finally, our paper contributes to the emerging literature on the economics of names. Most

studies in this field attempt to extract information embedded in names to explore issues includ­

ing assimilation, discrimination, social mobility, and culture persistence, often in the context of

Western Europe or North America (Bertrand and Mullainathan, 2004; Güell, Rodriguez Mora

and Telmer, 2015; Clark, 2015; Abramitzky, Boustan and Eriksson, 2020; Bazzi, Fiszbein and

Gerresilasse, 2020). Focusing on China, Bai and Kung (2022) quantify the importance of sur­

name distances between Chinese prefectures in shaping the patterns of technology diffusion

within China. Our paper proposes an alternative way to infer the ancestral origins of Chinese

diaspora members from their surnames based on the Chinese lineage culture (Szonyi, 2002).

This approach helps us overcome the common issue of insufficient data on the ancestral origins
2Markusen andVenables (1999) theoretically analyzes the relationship between the size of foreign and domestic

sector in a country, incorporating both competition and sectoral linkage effects. Méndez and Van Patten (2022)
empirically documents the long­run spillovers of the United Fruit Company as a large multinational on people’s
living standards in Costa Rica.
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of returned diasporas in developing countries.

The findings of this paper have policy implications for other developing countries: in the

absence of ideal market institutions, developing countries can strategically tap diaspora invest­

ment in the beginning, while improving the quality of local institution along the way, which

is a fundamental factor for attracting more subsequent non­diaspora FDI. Our findings do not

negate the importance of improving local institutions and competitive environment in attract­

ing FDI. As shown in Du, Lu and Tao (2008), U.S. multinationals have preferred to invest in

regions with better quality of economic institutions since 1998, when China had launched the

nationwide opening­up policy and diaspora FDI had demonstrated a success.

The rest of the paper is organized as follows. Section 2 introduces the historical background.

Section 3 describes the data and our measure of lineage connections. Section 4 presents our

identification strategy and empirical findings. Section 5 estimates the long­run spillovers of

early diaspora FDI on subsequent entry of non­diaspora private investment. Section 6 con­

cludes.

2 Historical Background

2.1 The Gradual Opening Up of China

China was largely a closed, planned economy until the policy of “Reform and Opening Up”

was introduced in 1978. However, the process of opening up was gradual and did not happen

over night (Lever­Tracy, Ip and Tracy, 1996; Branstetter and Lardy, 2006). Policy uncertainty

remained high until late 1990s when China set to join the WTO.

Table 1 summarizes the staggered opening process during the early opening­up period. In

1979, the Law on Joint Ventures was passed. For the first time in 30 years, it provided a legal

framework under which foreign firms were allowed to operate in Mainland China. The next

year, four special economic zones (SEZs) were established — Shenzhen, Zhuhai, Shantou, and

Xiamen. Foreign corporations enjoyed broad autonomy and preferential tax treatment in these

SEZs. In 1984, 14 additional cities were granted the status of Open Coastal City for attracting
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FDI.3 Then Yingkou prefecture, Weihai prefecture, and Hainan province were also added to

the list of opening regions in 1985, 1987, and 1988, respectively. The political crisis in 1989

put a halt to the process of opening­up. Although Shanghai Pudong district became one of the

SEZs in 1990, the turbulent policy environment in China was not stabilized until Deng Xiaoping

visited Southern China in 1992. The visit heralded a new era of opening up to foreign capital

on a much larger scale.

The top panel in Figure 1 visualizes the gradual opening process of China. It plots the

number of foreign entrants and the survival­adjusted number (existing for at least four years

or still alive as of 2014) in Mainland China by entry year, aggregated from the administrative

business registration database, in relation to the timing of the staggered roll­out of the opening

policy. As shown in the panel, the number of foreign entrants rose steadily from 1980 to 1991

along with the opening of SEZs and Open Coastal Cities.4 The number of foreign entrants

spiked in 1992 and 1993, after Deng Xiaoping’s Southern Tour in 1992, which showed the

government’s determination to implement further opening up. Another milestone was China’s

formal accession to the WTO in 2002. Following the WTO agreement, China eliminated most

restrictions on foreign entry and ownership, rekindling a surge in foreign entrants during 2000­

05.

Noticeably, the entry of foreign firms was already very active even before China joined the

WTO. By 1999, China had become one of the most popular destinations for FDI flows, second

only to the United States (Huang, 2003). This achievement is remarkable considering that at

the time China still lacked stable policy environment and solid market institution for attracting

foreign investment according to the conventional wisdom.

Diaspora foreign firms made the major contribution to this achievement. The bottom panel

in Figure 1 decomposes foreign entrants into diaspora and non­diaspora ones from 1980 to 2014,

where diaspora firms are defined in Section 3. The share of diaspora entrants was over 90%
3Throughout the paper, we use city and prefecture interchangeably. To be precise, “city” is not a well­defined

notion in China and not generally comparable to that in Western countries (such as Metropolitan Statistical Areas
in the US). The administrative unit closest to the size of a city is a prefecture in China (despite great variance in
administered area), including those of a higher administrative status (such as Beijing, Shanghai, Chongqing, and
Tianjin). Rural counties under the administration of a city are also included in the statistics for that city.

4Foreign firm entrants stagnated from 1989 to 1990 after the 1989 political crisis. The inclusion of Shanghai
Pudong district in the list of SEZs in 1990, on the other hand, generated a surge in number of foreign firm entrants
during 1990­1991.
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from 1984 to 1994, highlighting the dominant role of diaspora firms in channeling FDI in the

early opening up period. Since then, its relative importance has declined, but it still accounted

for more than 60% of total FDI as of 2014.

After diaspora firms had demonstrated success, other foreign and domestic private firms

followed suit (Ye, 2014). Therefore, diaspora firms are integral part of the post­reform growth

story in China in the sense that they were “pioneers” in both the foreign sector and the private

sector, propelling China’s transition both from isolationism to globalism and from a planned

economy to a market economy.

2.2 Chinese Diaspora’s Lineage Connections with Ancestral Hometowns

China has a long history of emigration dating back to as early as the 1300s (Kuhn, 2008). Ac­

cording to the UN Migration Database, the stock of overseas Chinese was above ten million

in 2020, ranking in fourth globally in terms of origin countries.5 Among the vast number of

overseas Chinese, many have become successful entrepreneurs in their host countries. Accord­

ing to the estimate by The Economist., in 2019, the Chinese diaspora contributed more than

three­quarters of the Southeast Asian billionaire wealth.6

China’s closure to the outside world for three decades, starting in 1949, did not fully cut

off the bond between overseas Chinese and their ancestral land. Although they are physically

abroad, many overseas Chinese are emotionally attached to their ancestral hometowns, thanks

to the persistent lineage culture. In China, lineage refers to the group of descendants of one

common patrilineal ancestor across multiple generations who share the same surname and typi­

cally reside in the same or neighboring villages. Over thousands of years, lineage organizations

in China serve many practical functions, including settling village disputes, sheltering members

from predatory taxation, and providing within­lineage public goods (Szonyi, 2002). The Chi­

nese lineage culture is particular in sustaining strong ties between the Chinese diaspora and

their ancestral homelands. Overseas Chinese would be considered perpetual members of their

lineage and included in the genealogy books even if they emigrated, and so would their de­

scendants. Therefore, many overseas Chinese still honor their ancestral hometowns and remain
5https://www.un.org/development/desa/pd/content/international­migrant­stock
6“Chinese Diaspora Inc: High­Wire Act,” The Economist, May 30th, 2020.
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socially connected to the group members of the their lineage (Kuhn, 2008). Anecdotes sug­

gest that, even during China’s closure, overseas Chinese kept sending remittances back to and

exchanging letters with their relatives in ancestral hometowns (Tan, 2006).

After China reopened its doors in 1979 and strove to attract foreign investment, the persis­

tent yet dormant networks between overseas Chinese and their ancestral land was rekindled.7

Thanks to the lineage ties, massive diaspora­led direct investment ventured into China, par­

ticularly in places with strong lineage connections, despite the initial imperfect market and

institutional environment, while most non­diaspora FDI held an attitude of “wait and see.”

3 Data Description

This section first describes the major data we use in the empirical analyses and their sources.

Second, we explain how to identify diaspora firms as foreign firms that are controlled by over­

seas Chinese. Next we define the measure of lineage connection for each surname­prefecture

pair. Last, we present summary statistics of the key variables used in the empirical analyses.

3.1 Data Sources

The main dataset we use is the administrative business registration database maintained by the

SAIC, which tracks the universe of firms ever registered in China. We chose 2014 as the end

year of the sample, because the number of new entrants spiked after China launched a national

business registration reform in that year (Barwick et al., 2022). For each firm, we observe its

entry date, exit date (left blank if the firm still survived as of 2014), latest reported registered

capital by the end of 2014, 4­digit industry classification code, county­level location, ownership

type, and list of immediate shareholders and registered personnel, including board members and

senior executives.

The second dataset is the China Population Survey of 2005, which reports the individual
7There may be concern that over time the emotional attachment of members of the Chinese diaspora, especially

younger and foreign­born individuals, to their ancestral homelands might wane, weakening the strength of the
lineage connection. However, according to interviews conducted by Tan (2006), many China­born parents would
bring their foreign­born children to their ancestral hometowns to cultivate their self­identification as a member of
the lineage group. Moreover, the second or third generations of diasporas largely embrace their parents’ business
networks after taking the reins, even if they no longer consider themselves Chinese.
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surnames of a large representative sample with more than 2.5 million observations. Since the

individuals in the data are randomly sampled at the prefecture level, the surname distributions

drawn from the survey should be rather accurate at the prefecture level. We leverage the ge­

ographic variation in surname distributions to construct our measure of lineage connection for

each surname­prefecture pair.

3.2 Identification of Diaspora Firms

By definition, diaspora firms must be foreign firms in the first place. We identify foreign firms

by the administrative ownership code provided by the SAIC.8 Following this definition, our

micro dataset of foreign firms closely matches the official aggregate FDI statistics, as shown in

Figure A.6.

Having pinned down foreign firms, we proceed to identify diaspora firms controlled by

overseas Chinese. Specifically, we define diaspora firms as foreign firms with overseas Chinese

as their legal representatives. According to the corporate law in China, legal representatives take

themajor legal responsibility of the registered firms and are supposed to be one of the top ranked

executives such as the chairman of the board or the general manager. Legal representatives

therefore have been used as a proxy for entrepreneurs in the literature (Dai et al., 2019).

Our way to identify diaspora firms has two key advantages. First, the unique legal repre­

sentative of a firm is always a natural person rather than a legal person. For a natural person, it

is possible to infer whether she or he is overseas Chinese or not. For a legal person, on the other

hand, it is not clear whether the owner of it has a Chinese ancestral origin or not.9 Second, the

names of legal representatives are readily available in the business registration database. We
8A firm is officially classified as “foreign” by the SAIC if its foreign ownership exceeds 25% based on SAIC’s

evaluation. The other approach in the literature uses immediate shareholder information. However, a firm’s im­
mediate shareholder structure does not necessarily coincide with its structure of ultimate ownership. For example,
investors can exert control over a firm through holding shells (Bai et al., 2020). The official classification by the
SAIC is therefore more reliable. Moreover, our sample of analysis includes only foreign firms with a legal repre­
sentative who holds an ID from somewhere other than Mainland China. These firms are unlikely to be disguised
foreign firms. Adopting instead the approach identifying foreign firms by immediate shareholder information
would not change our conclusions. We also demonstrate the advantages of our foreign firm dataset by comparing
it with other commonly used datasets on Chinese FDI in Appendix A.2.

9A potential alternative approach, other than ours, is to identify diaspora firms as foreign firms with overseas
Chinese as their controlling natural­person shareholders. But 92% of the shareholders of foreign firms are foreign
legal persons. To find out the ultimate natural­person owners of the foreign legal persons in China, we need to
penetrate the ownership structure for the universe of firms in all countries, which is literally infeasible (Bai et al.,
2020).
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develop an algorithm as described in Appendix A.1 to extract the surnames of the legal represen­

tatives of foreign firms. We then label a legal representative as overseas Chinese if she or he has

a Chinese surname10 and holds an ID from somewhere other than Mainland China.11 Diaspora

firms therefore refer to foreign firms with overseas Chinese as their legal representatives.

We present several pieces of evidence in support of this definition. First, as demonstrated in

Table A.1, using legal representatives to identify diaspora firms has the highest sample coverage

than using other top ranked executives. 97% of all foreign firms have unique legal represen­

tatives, but the list of directors, chief executive officers, and top­ranked executives are often

incomplete. Second, using registered personnel other than the legal representative to identify

diaspora firms would be problematic, as 52% of foreign firms registered only one person (al­

most all of them are legal representatives) in the database. Finally, Table A.2 reports that the

chance of a legal representative being a top ranked executive within a foreign firm is 93%. This

means that the legal representative is likely to be the person in charge of the business.

Our classification of diaspora firms and empirical findings are not subject to the concern on

round­trip foreign firms controlled by Chinese citizens from Mainland China (Huang, 2003).12

We screen out the round­trip foreign firms with legal representatives as Chinese citizens. By

restricting our definition of diaspora firms to be those with legal representatives holding an

ID from places other than Mainland China, we effectively exclude them from our dataset of

diaspora firms.13 As shown in Table A.9, our results are robust to the exclusion of foreign firms

from Hong Kong, Macao, Taiwan, and tax havens which are believed to be the main origins of

round­trip FDI in China (Geng, 2019).
10In a few countries, such as Thailand and Indonesia, some Chinese diaspora abandoned their Chinese names in

exchange for local names under the pressure of national assimilation policy. In this case, our method then would
underestimate the scale of diaspora firms. However, as documented in Tan (2006), the Chinese diaspora often
use their original Chinese names to signal their Chinese identity when dealing with Chinese businesses. So the
possibility of name assimilation would not systematically affect our classification of diaspora firms.

11Non­Mainland China IDs include foreign passports and residency cards of Hong Kong, Macau, or Taiwan.
12Chen (2022, p. 393­98) defines round­trip FDI as “the direct investment activities where a domestic resident

makes investment in the territory of the People’s Republic of China directly or through special purpose vehicles,
that is, establishes a foreign invested enterprise or a project through new establishments, M&A and other modes,
and acquires any ownership, right of control, right of business management, or other relevant rights and interests.”
Dual citizenship is not allowed by the law of China.

13Since the purpose of round­trip FDI is to seek the preferential treatment granted by the government to foreign
firms, including this group of firms in the sample would exaggerate the presence of diaspora firms in China. As a
robustness check, we include this group of foreign firms as diaspora firms in section 4.3. As expected, the effect
becomes even stronger. We therefore adopt the more conservative definition of diaspora firms and manage to make
sure that our main conclusions are not driven by the disguised round­trip foreign firms.
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3.3 Measurement of Lineage Connections

To test whether the international lineage networks have an effect on diaspora firms’ location

choice, we need to know the diaspora’s ancestral hometowns. However, such information is

normally unavailable, in particular in developing countries. To overcome the challenge, we

instead use the geographic distribution of surnames to infer the ancestral origins of the Chinese

diaspora by making use of a defining feature of the Chinese lineage culture, i.e. the distribution

of surnames are often location specific and the pattern persists over time (Szonyi, 2002).

Figure 2 visualizes the geographic distributions of the 20 most populous surnames in China,

which are ranked based on the China Population Survey of 2005, from three different samples:

emigration­intensive provinces (including Guangdong, Fujian, and Zhejiang), other provinces,

and all legal representatives of diaspora firms registered from 1980 to 2014. Several salient fea­

tures are apparent from the figure. Overall, the surname distribution among legal representatives

of diaspora firms closely resembles that of the population in emigration­intensive provinces, but

it differs sharply from the distribution for other provinces. For example, “陈” (“Chen,” “Chan,”

“Tan”)14 is the most common surname both among overseas Chinese legal representatives and

in emigration­intensive provinces. However, it ranks only the fifth among the Chinese popula­

tion as a whole. This simple comparison suggests that the geographic distribution of surnames

could be used to reveal the bond between overseas Chinese and their ancestral hometown, i.e.

the lineage connections.

Therefore for a given surname s of a diaspora firm’s legal representative, we measure its lin­

eage connection with a particular prefecture p by taking advantage of the surname’s geographic

distribution across prefectures on the basis of the China Population Survey of 2005 as follows:
15

14Due to Chinese­English translation, sometimes there are multiple English spellings for the same Chinese
surname. Figure A.1 illustrates the complexity of spelling­character mapping between the two languages, using
“陈”—the most common overseas Chinese surnames written in Chinese characters, and ”Tan”—the most common
English spelling that does not follow the regular Pinyin system for “陈,” as an example. To address this challenge,
we aggregate the overseas Chinese surnames to the Chinese character level using probabilistic weights for cases
when a Chinese character surname corresponds to multiple English spellings. See Appendix A.1 for details.

15We chose prefecture as the geographic unit of our empirical analysis because the sample was randomly drawn
at the prefecture level in the China Population Survey of 2005.
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msp =
Esp∑
pEsp

(1)

whereEsp denotes the size of the populationwith surname s in prefecture p, and the denominator

stands for the total population with surname s in China.

This measure has several merits. First, it can be intuitively interpreted as the probability of

one overseas Chinese with surname s having prefecture p as their ancestral origin. Second, our

measure does not depend on the population size because it is normalized by the total population

with the same surname for China as a whole.16 Third, as revealed in Figure 3, our lineage con­

nection measure at the surname­prefecture pair level has large variations, and could capture well

the location preference of diaspora firms for their legal representatives’ ancestral hometowns.

Last, as demonstrated in Table A.6, the geographic variation in surname distributions is stable

across birth cohorts in the China Population Survey of 2005. Bai and Kung (2022) show that the

surname distribution across prefectures in the China Population Survey of 2005 matches well

with with the surname distribution in Harvard’s China Biographical Database which is com­

puted based on data from earlier years. Therefore, although our measure of lineage connection

is based on data in 2005 after the initial reform period, it can still largely capture the degree of

historical lineage connection at the surname­prefecture level.

3.4 Summary Statistics

We restrict our attention to the early opening­up period from 1981 to 1996 before the Asian

financial crisis and China’s accession to the WTO. Utilizing the entry and exit information in

the SAIC database, we construct twomeasures of diaspora firm entry at the surname­prefecture­

year level: number of new entrants and the survival­adjusted number of entrants (defined as

those lasting more than four years). We exclude four autonomous regions — Xinjiang, Tibet,

Ningxia, and Inner Mongolia — which are mainly composed of ethnic minorities. Given that
16If we instead use Esp as the measure of lineage connections, a spurious correlation between this measure and

the entry of diaspora firms may occur even in the absence of lineage connections. Some common surnames, like
“陈” (“Chen”, “Chan”, “Tan”) among overseas Chinese, are also widespread across China. The diaspora firms
with these surnames are more likely to be observed in large prefectures where people with the same surname are
also more likely to be present. Therefore, the positive correlation does not necessarily mean that there are lineage
connections.
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surname­based lineage mostly operates among ethnic Han Chinese (Zhang, 2020), and most

overseas Chinese are Han Chinese, our lineage connection measure is not applicable there.

We further exclude four mega cities in China — including Beijing, Shanghai, Guangzhou, and

Shenzhen — because their massive economic size attracts a vast number of internal migrants,

masking the historical distribution of local surnames.17 Merging datasets, we arrive at our main

sample consisting of 284 surnames in 296 prefectures spanning 16 years.

Table 2 presents the summary statistics for all the variables used in the empirical analyses.

Panel A shows that only 2.1% of the surname­prefecture­year cells have at least one diaspora

entrant. The average number of diaspora entrants is 0.06. The number becomes slightly smaller

once we adjust entry by survival. The lineage connection measure varies widely, with a mean

of 0.002 and a standard deviation of 0.008, as indicated in panel B. Panels C summarize the

main outcomes of interest at the prefecture level.

4 Lineage Connection and Diaspora Firm Entry

4.1 Identification Strategy

We employ the following baseline specification to empirically identify the effect of lineage

connections on the entry of diaspora firms:

Yspt = ηsp + θst + δpt + β ×Openpt ×msp + λ× Sspt + ϵspt (2)

where s, p, and t denote surname, prefecture, and entry year, respectively. Yspt represents the

outcome variables at the surname­prefecture­year level. A key outcome variable is the num­

ber of diaspora firm entrants. However, this outcome variable alone cannot capture potential

variations in entry quality. As a robustness check, we supplement the analysis with another

measure to mitigate this concern: the survival­adjusted number of diaspora entrants, defined

as the number of diaspora entrants that survive for no fewer than four years, following Kerr

and Nanda (2009).18 In addition, we use the registered capital as an outcome measure of the
17The four autonomous regions and four mega cities host 1.2% and 9.6% of the total foreign firm entrants

respectively during 1981­96. Our results are robust to including them back in the sample.
18Our baseline results are insensitive to the choice of survival year thresholds as shown in Figure A.7 in the
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intensive margin in Table A.3.

Under all the specifications, we control for surname­prefecture fixed effects, ηsp; surname­

year fixed effects, θst, and prefecture­year fixed effects, δpt, unless otherwise mentioned. The

broad set of fixed effects help us guard against a wide range of confounding factors, such as

geographic advantages, place­based policies, and surname­specific expertise. We also control

Sspt, the number of incumbent firms in the year prior to the entry year, to capture potential

agglomeration effect or competition spillovers from incumbent firms.

The key variable of interest is the interaction term Openpt ×msp. Openpt is a time­variant

dummy indicating whether prefecture p was open to foreign capital in year t. Openpt equals

1 if prefecture p has been awarded the status of ”opening city” since year t, and equals zero

otherwise.19 msp is the measure of lineage connection between surname s and prefecture p as

defined in equation 1. The error term, ϵspt, captures all the idiosyncratic disturbances. Standard

errors are clustered at the surname­prefecture level.

The coefficient of interest, β, measures the effects of the staggered opening of Chinese pre­

fectures to foreign capital on the entry of diaspora firms in relation to their lineage connections

with the prefectures. Our empirical design is essentially a staggered triple­difference strategy

with varying treatment intensity across surname­prefecture pairs: (1) the differences in sur­

names within a prefecture before and after its opening, (2) the differences between opened and

closed prefectures, and (3) differences across surname­prefecture pairs with lineage connections

of varying strengths.

The causal interpretation of our estimates depends on a crucial assumption: the number of

diaspora entrants for a given surname in a prefecture does not exhibit an existing trend prior to

the prefecture’s opening up. To empirically test the parallel trend assumption, we employ the

following event­study framework:

Yspt = ηsp + θst + δpt +
4∑

τ=−4

βτ ×Openτ
pt ×msp + λ× Sspt + ϵspt (3)

Appendix.
19See Table 1 for the time table of opening Chinese prefectures to foreign capital during the period of opening

up period. As Shanghai is excluded from the sample, the opening of Pudong district in 1990 is not captured in our
analysis.
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where τ = t − tp refers to the time window relative to the opening shock of prefecture p. By

employing this specification, we can examine the dynamic effects of lineage connection both

before and after the local opening shocks. Openτ
pt equals 1 if year t is τ years after the opening

of prefecture p and 0 otherwise. The omitted benchmark group is τ = −1. Hence, all estimates

of βτ should be interpreted as being relative to one year prior to the opening shock. For the

identification assumption to be valid, we expect βτ to be statistically indifferent from zero for

all τ < 0 .

As shown in the top two plots in Figure 4, βτ is indifferent from zero when τ < 0 no matter

whether we use the number of diaspora entrants or the survival­adjusted number of diaspora

entrants as the outcome variable, validating the no pre­trend assumption.

4.2 Baseline Results

The baseline results based on equation 2 are reported in columns (1) and (2) of Table 3. Ac­

cording to column (1), an increase of one standard deviation in lineage connection (0.011) is

associated with an increase in diaspora entrants of 0.02, accounting for one­third of the aver­

age number of diaspora entrants across all the cells aggregated at the surname­prefecture­year

level. When using the survival­adjusted number of diaspora entrants as the alternative outcome

variable in column (2), the coefficient for the “Open × Lineage Connection” variable remains

highly positive and significant, suggesting that the lineage connection facilitates the entry of

diaspora firms even after entry quality is taken into account.

To examine the time­varying effect, the top two panels in Figure 4 plot the event study

estimates based on equation 3 for the same two outcome variables as in Table 3. Interestingly,

the effect is highly statistically positive only in the first two years after opening up and then

diminishes.

Following De Chaisemartin and D’Haultfoeuille (2020), we check whether our baseline re­

sults are still robust after correcting for potential biases as pointed in the literature. It would be

ideal to apply the estimation methods using the original continuous treatment variable. How­

ever, we find that this is computationally infeasible due to our large dataset. As a second best,

We divide the surname­prefecture pairs with continuous lineage connection into two discrete
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groups: those above or below the median lineage connection and use a dummy variable corre­

sponding to the two groups as a proxy for the measure of lineage connection.

Columns (3) and (4) in Table 3 report the average treatment effects when replacing the con­

tinuous connection variable with a dummy variable and correcting the potential bias of staggered

DID. The coefficient for the interaction term between the opening dummy and the connection

dummy remains highly significant. As shown in the bottom two plots in Figure 4, there are no

parallel trends prior to a prefecture’s opening up, further validating our identification strategy.

As shown in the bottom two plots of Figure 4, the effect of lineage connection based on

the new method lasts beyond the first two years. This is likely because the traditional staggered

DID estimations fail to capture the spillovers from the early diaspora entrants on later ones, after

all the prefectures opened to foreign investment.20 These spillovers affect not only the diaspora

entrants, but also subsequent non­diaspora entrants, which will be discussed in section 5.

4.3 Robustness Checks

This section presents various analyses to check the robustness of the main findings.

Sorting on the qualities of entrants. There is a possibility that the early diaspora firms

were of better quality than the later ones. In this case, the observed positive effect of lineage

connections would likely be overestimated because the estimation fails to take the quality pre­

mium of early entrants into account. To mitigate this concern, columns (1) and (2) in Table 4

further look at two proxy variables for entry quality, the survival ratio and average registered

capital of the diaspora entrants that were still in operation as of 2014. The survival ratio is

defined the share of entrants that were still alive as of 2014 conditional on the entry of dias­

pora firms. The coefficients for the interaction terms are insignificantly different from zero,

suggesting that sorting on the qualities of entrants is not at play in driving our key results.

Alternative dependent variables. Relatively few diaspora firms entered and survived at

the granular surname­prefecture­year level (see Table 2). Ordinary Least Squares (OLS) re­

gressions may yield biased estimates when the outcome variables do not follow a normal dis­

tribution. We address this concern in two ways. First, we replace our firm count measures with
20The persistent effects of lineage connection do not appear if we also use the connection dummy in our standard

DID estimation without correcting for the potential bias of staggered DID.
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a dummy variable indicating whether there is at least one entrant in a surname­prefecture­year

triplet or not. Columns (1) to (3) in Table A.3 show that the effect of lineage connections still

holds, even after considering the survival of entrants in four years or in 2014. On the other

hand, if diaspora entrants are particularly small, the effect of lineage connection on firm entry

could be less important. We deal with this problem in column (4) of Table A.3 and still find a

large positive effect on the size of survived registered capital of diaspora firms as of 2014.

Second, considering that entry likely follows a Poisson distribution, we also run Poisson

regressions. However, the variation in lineage connections across surname­prefecture pairs is

too small to make the maximum likelihood estimation converge. We instead use a dummy

variable indicating whether the value of the lineage connection is greater than the median same

as in columns (3) and (4) of Table 3. As displayed in Table A.4, the results of the Poisson

regressions are reassuringly robust.

Alternative standard errors. In the baseline regressions, standard errors are clustered at

the surname­prefecture level to account for serial heteroskedasticitywithin a surname­prefecture

pair. However, the error terms could still be correlated at a more aggregate level. Column (2)

in Table A.5 reports the regression results with standard errors clustered at the prefecture level.

There is little change in the significance levels of the key variables.

Including round­trip diaspora entrants. In the main analyses, we excluded round­trip

diaspora firms. As a robustness check, we include them back in the sample and repeat the

baseline regression in column (3) in Table A.5. The estimate for the interaction term between

the opening dummy and lineage connections becomes larger. This result is not surprising given

that including round­trip firms would inflate the number of diaspora firms, thus overstating the

effect of lineage connections.

Alternative lineage connection measure. There is a concern that our measure of lineage

connection constructed from the China Population Survey of 2005 is likely subject to domestic

migration prior to 2005. From 1949 to 1978, domestic migration was highly restricted under the

stringent hukou system. Even after China gradually loosened its grip on internal migration, ever

starting in 1984, mass migration did not happen until the late 1990s (Tombe and Zhu, 2019). At

the time of population survey in 2005, the likelihood of migration for older cohorts was slim.

18



In Table A.6, we compute the pairwise correlations between our lineage connection measures

calculated from different birth cohorts in the China Population Survey of 2005. It is apparent

from the table that the distribution of our lineage connection measures is very stable across birth

cohorts, echoing the findings of Clark (2015) and Bai and Kung (2022). Clark (2015) docu­

ments that the geographic distribution of certain elite surnames has been rather stable throughout

history, even after warfare and revolution. Bai and Kung (2022) find that the geographic dis­

tribution of surnames across prefectures inferred from the China Population Survey of 2005

closely mirror the surname distribution in Harvard’s China Biographical Database.

As a robustness check, we repeat our baseline exercise by using only older cohorts to mea­

sure lineage connection, who were less likely to migrate prior to 2005 than their younger coun­

terparts. Columns (1) to (3) in Table A.7 report almost identical estimates with the lineage

connection measure constructed from each of the three birth cohorts observed in the China

Population Survey of 2005: the ones born before 1945, the ones born before 1949, and the one

born before 1960.

Permutation tests. To check whether our results are influenced by other measurement er­

rors in our lineage connection variable, we perform two permutation tests by randomly shuffling

our lineage connection measures within and across prefectures. The left panel in Figure 5 plots

the distribution of the estimates for our two main outcome variables from 100 simulations using

reshuffled lineage connections across surnames within a prefecture. The right panel plots the

distribution of estimated coefficients from 100 simulations with lineage connections reshuffled

across prefectures within a surname. Clearly, both distributions are centered around zero. If

there were systematic measurement errors, the simulated distributions would overlap with the

actual distributions to some degree and be centered around a positive value. The results sug­

gest that the identified effects of lineage connections on diaspora firm entry are not driven by

unobserved measurement noise in our lineage connection metric.

Subsample regressions. There is a possibility that our findings are driven by a few domi­

nant regions or surnames. For example, some emigration­intensive provinces like Guangdong,

Fujian, and Zhejiang disproportionately sent more emigrants abroad and attracted more dias­

pora firms, compared with other regions. Furthermore, a few notable surnames are common in
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FDI­intensive regions and among diaspora entrepreneurs.

To check how sensitive our results are to the dominant regions and surnames, we run two

regressions in columns (1) and (2) in Table A.8. The sample in the regression in column (1) ex­

cludes emigration­intensive provinces, while column (2) includes only the emigration­intensive

provinces. The coefficients for the key variable remain positive and statistically significant in

both sub­sample regressions no matter whether the number of diaspora entrants or the survival­

adjusted number of diaspora entrants is used as the outcome variable. The lineage effect exists

not only in emigration­intensive provinces, but also outside these provinces. Not surprisingly,

the magnitude is larger in column (2) than in column (1), suggesting that the effect is more pro­

nounced in emigration­intensive provinces. Column (3) presents the estimation results exclud­

ing diaspora­intensive surnames. The coefficient for the key variable remains significantly pos­

itive. Column (4) excludes FDI­intensive prefectures. The results barely change. In columns

(5) and (6), we turn to show that it is neither the most common surnames nor the rare surnames

driving the significance of our estimates.

Heterogeneity by origin and industry. By comparing surname­prefectures based on their

lineage connections, our novel setting allows us to abstract away from the issues of selection

on origins, destinations and industries, which are commonly encountered in the FDI literature

(Lu, Tao and Zhu, 2017; Burchardi, Chaney and Hassan, 2019). A shortcoming of our approach

is that potential heterogeneity in the effects of lineage connection is masked. To remedy this

concern, we show the heterogeneous effects of lineage connection by origin in Table A.9 and

by industry in Table A.10. In terms of origin heterogeneity, the effects of lineage connection

are concentrated in attracting diaspora foreign firms from Hong Kong, Macao, Taiwan and

South East Asia. This is not a surprising finding since these places are known for hosting the

largest number of the Chinese diaspora. In terms of industry heterogeneity, the effects of lineage

connection are mainly in the manufacturing sectors, consistent with the manufacturing­driven

growth patterns in China in the reform and opening up period.

In addition, these heterogeneity analyses indicate that our baseline results could not be ac­

counted for by the origin or industry differences across surname­prefecture pairs since the com­

parisons we perform here are essentiallywithin an origin group in Table A.9 or an industry group
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in Table A.10.

5 Seeding Effects in the Long Run

Having shown that lineage connections were conducive to the entry of diaspora foreign firms

in the early opening­up period when market institutions were yet to be fully developed, in this

section, we further investigate whether the industrial “seeds” planted by the early diaspora firms

have had lasting spillover effects on the subsequent entry of non­diaspora foreign firms and

domestic private firms. The fact that the extensive margin of private sector is the key engine of

Chinese economic growth motivates our exercise (Wei and Zhang, 2011). We proceed in two

steps: (1) showing that compared with non­diaspora firms, diaspora firms are more likely to be

pioneers in 4­digit industries at the prefecture level; (2) estimating the seeding multipliers of

diaspora firms on the entry of non­diaspora foreign firms and domestic private firms separately

using an instrumental variable (IV) strategy.

5.1 Diaspora Firms as Pioneers

Here we define a pioneering firm as the first private entrant into any 4­digit industry in a pre­

fecture.21 Figure 6 plots the share of diaspora pioneering firms among all diaspora entrants and

the share of non­diaspora pioneering firms among all non­diaspora entrants from 1980 to 2014.

Two patterns are apparent from the figure. First, the share of pioneering firms declines over

time. This is not surprising given that the total number of prefecture­industry cells is fixed.

With the entry of pioneering firms, the number of unfilled cells naturally becomes smaller over

time. Second, in the early opening up period from 1980 to the early 1990s, the share of diaspora

pioneering firms in total diaspora entrants exceeded that of non­diaspora pioneering firms, sug­

gesting that diaspora firms were more likely to be pioneers than the non­diaspora firms. After

1995, the gap in the likelihood of being a pioneer between diaspora firms and non­diaspora
21Private entrants include entering firms of private, collective, and foreign ownership. Notice that we include

collective firms as a group of private firms because township­village enterprises (TVEs)were essentially private en­
terprises wearing “red hats” before private ownership was officially recognized (Xu and Zhang, 2009). We exclude
state­owned enterprises (SOEs) when defining pioneering firms because the entry of SOEs into a prefecture­sector
cell was largely mandated by the government, not driven by market forces.
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firms has closed.

These patterns indicate that the diaspora played an important role in setting up pioneering

firms in the early opening­up period when market institutions were in the infant stage. As

market institutions were developed, the special role played by the diaspora diminished.

5.2 Estimation of the Long­run Seeding Multipliers

Hausmann and Rodrik (2003) reckon that pioneering firms likely generate a positive externality

for subsequent firm entrants in developing countries. Yet, given that most pioneering firms

were set up by diasporas, there is a concern about the club nature of affinity group in inhibiting

institutional development (North, 1990; Greif, 1993), which in turn may slow the entry of non­

diaspora firms. Thereby, it is an empirical question to test whether the externality is positive

or negative. In this section we estimate the multipliers of early diaspora firms on subsequent

entrants.

Following the methodology in Sequeira, Nunn and Qian (2020), we first isolate the lineage­

driven diaspora entrants predicted by the interaction term between the surname distribution

and the staggered opening of Chinese prefectures in the early opening­up period based on the

estimates of equation 2 (the “zero stage” regression). The lineage­driven diaspora entrants

predicted by the “zero stage,” β̂, is then used to construct an instrument for the observed di­

aspora firm stocks in 1996. With the estimated coefficient, we obtain the predicted value of

β̂ ×Openpt ×msp—the lineage­driven diaspora entrants at the surname­prefecture­year level.

We then aggregate the estimates over all the surnames and entry years to get the predicted value

of the cumulative lineage­driven diaspora firms for each prefecture in 1996 as follows:

ˆDiaspora Firm Stockp =
∑
s

1996∑
t=1981

β̂ ×Openpt ×msp (4)

Next, we use the predicted lineage­driven diaspora firm stocks as an IV for the observed

diaspora firm stocks in 1996 in the following two­stage least squares (2SLS) regression:

πp = α + γ × Diaspora Firm Stockp + λ×Xp + ϵp (5)
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where πp is our long­term outcome of interest, Diaspora Firm Stockp is the observed number

of diaspora firms in prefecture p in 1996, and Xp denotes a set of controls at the prefecture

level. Our IV strategy therefore relies on an exclusion restriction: the aggregated heterogeneous

effects of opening up on diaspora firm entry across surname­location pairs during 1980­96 at

the prefecture level only affects our long run outcome of interest through changing the observed

prefecture­level diaspora firm stocks in 1996, conditional on the set of controls included inXp.

The potential violations of this restriction could come from the correlation between omitted

prefecture characteristics and the observed diaspora firm stocks in 1996.

To test the validity of the IV, we perform a balance test as shown in Table A.11. We sep­

arately regress the instrument and the observed number of diaspora firms in 1996 on a set of

prefecture­level characteristics that are correlated with local economic development, including

number of years since opening up, distance to the sea, slope and elevation of the prefecture’s

land, cultivated land area per capita in 1996, and the average wage in 1996. Although the num­

ber of observed diaspora firms in 1996 is highly correlated with these variables, our instrument

is not, confirming that our instrument passes the balance test.

Table 5 presents the estimation results of the OLS, 2SLS, and first­stage regressions in three

panels. The key long­run measures of non­diaspora investment include non­diaspora foreign

firm stocks, domestic private firm stocks, and registered capital of the surviving firms as of

2014. In addition to the control variables in the balance test, we also include province fixed

effects. As shown in Table A.12, both the OLS and IV estimates without these controls are

quite similar to those in Table 5. The stock of diaspora firms in 1996 is positively associated

with the number of non­diaspora foreign and domestic private enterprises as of 2014. All the IV

estimates are larger than the OLS estimates likely because historically less arable places pushed

more people out for a living and therefore had more diaspora resources when China opened its

gate to foreign firms in 1980s as shown in Table A.11.

According to the IV estimates shown in columns (1) and (2) in panel C of Table 5, one

additional diaspora firm in 1996 brings about an increase of 3.232 subsequent non­diaspora

foreign firms and 162 domestic private firms. The positive effect is observed not only for the

number of firm stocks, but also for the total registered capital of these firms in 2014. One
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more diaspora firm in 1996 leads to an increase of 0.396 percent in total registered capital

for foreign enterprises and 0.252 percent for domestic enterprises that survive as of 2014, as

indicated in column (3) and (4) in Table 5.22 The emerging private enterprises led to greater

local employment, consistent with the findings in the literature (Wei and Zhang, 2011; Imbert

et al., 2022). Column (5) in Table 5 quantifies that one more diaspora firm in 1996 generated

4,534 more jobs by 2015 for an average prefecture.

6 Conclusions

The inflow of massive amount of diaspora investment in the early opening up period is a salient

feature of China’s growth story. However, the destinations of diaspora firms were not random.

Our paper has shown that areas with stronger lineage connections attracted more diaspora firm

entrants during the early opening up period when market institutions were far from perfect.

Moreover, we found that early diaspora firm entrants, many of which were pioneering firms,

facilitated the subsequent entry of non­diaspora foreign and domestic private enterprises.

China’s experience in tapping diaspora resources in the early stage of development may shed

light on other developing countries. Plagued with poor human capital (Noorbakhsh, Paloni and

Youssef, 2001), low institutional quality (Alfaro, Kalemli­Ozcan and Volosovych, 2008), high

political risk (Julio and Yook, 2012), and a combination of these factors (World Bank, 2017),

developing countries often struggle to attract FDI, in particular pioneering foreign firms. If

a developing country, like Peru, could manage to improve its human capital and institutional

quality to the levels of Australia, it is already a developed country. However, it is a long journey

to improve human capital and build sound institutions, which are the two fundamental factors.

As shown in China, a more practical solution is to tap the diaspora networks to direct foreign

investment into developing countries in the early stage of development despite lacking of the

fundamental factors.

A survey in 2005 by the International Organization for Migration found that more than

90% of the countries had policies or programs targeting their diaspora.23 Diaspora firm en­
22Our results are robust to using total registered capital without log as outcome variable.
23The report was retrieved from https://publications.iom.int/system/files/pdf/wmr_2005_3.pdf
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try accounts for a significant proportion of the FDI in other developing countries as well, for

example 25% in Armenia during 1998­2014 (Riddle, Hrivnak and Nielsen, 2010) and 26% in

India during 1991­2001 (Wei and Balasubramanyam, 2006). Collier, Gregory and Ragoussis

(2019) call for more active policies to attract pioneering firms in fragile and conflict­affected

states. However, it would be extremely challenging for a multinational firm without local con­

nections to navigate the uncertain and even hostile environment in those states. A promising

future research topic is to explore whether diaspora firm entrants can serve as a touching stone

for non­diaspora foreign and domestic private enterprises to enter even in these countries.
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Figure 1: Entry and Survival of Foreign Firms in China

Note: This figure uses firm registration data from the SAIC database. The top panel plots the number of foreign
firms (and surviving foreign firms) by year of entry over 1980­2014. The bottom panel displays the number of
diaspora and non­diaspora entrants on the left axis as well as the share of diaspora firms on the right axis.
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Figure 2: Surname Distributions in Different Samples

Note: This figure plots the shares of the population with the top 20 surnames based on the China Population Survey
of 2005 in three samples: the legal representatives of diaspora firms in the SAIC database, the emigration­intensive
provinces, and other provinces. Emigration­intensive provinces include Guangdong, Fujian, and Zhejiang. The
distribution of surnames among legal representatives of diaspora firms in the SAIC database closely mirrors that
among the population of emigration­intensive provinces inferred from the China Population Survey of 2005, but
it sharply differs from other provinces.
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Figure 3: Lineage Connection across Surnames and Prefectures

Note: This figure visualizes the variation of our measure of lineage connection using selected surnames and pre­
fectures. The top panel compares the distribution of the measure for “陈”, a common surname among Chinese
diaspora, and “张”, a common surname in the general population, in relation to the prefecture’s rank in diaspora
firm entry. The bottom panel compares the distribution of the measure for Quanzhou, a coastal city and a well
known ancestral hometown to many Chinese diaspora, and Zhengzhou, a large inland city with no record of over­
seas connection, in relation to a surname’s rank in diaspora firm entry.

28



Figure 4: Event Study

Note: This figure plots the coefficients βτ obtained from a standard event study specification: Yspt = ηsp +

θst + δpt +
∑4

τ=−4 β
τ × Openτ

pt × msp + λ × Sspt + ϵspt where Openτ
pt indicates opening status in period

τ years later than the observed shock and msp is our measure of lineage connection between surname s and
prefecture p. We control for fixed effects ηsp, θst, δpt and diaspora firm stocks Sspt. The top two panels plot
the coefficients βτ obtained from the event study for standard DID estimation. The bottom panels display the
coefficients for estimations that have corrected potential biases from the staggered DID using the Stata command
“did_multiplegt.’(DeChaisemartin andD’Haultfoeuille, 2020; DeChaisemartin, D’Haultfoeuille andGuyonvarch,
2021). For the bottom panels, since it is computationally infeasible to apply the estimation methods to our large
dataset, we replace the continuous measure with a dummy variable indicating whether the measure is above the
median value or not, as a second best choice. The outcomes of interest in the left and right panels are the number
of diaspora entrants and the number of survival­adjusted diaspora entrants, respectively.
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Figure 5: Permutation Tests

Note: In this figure, we show estimates under permutations that randomly reshuffled our lineage connection mea­
sures within or across prefectures. The left panel plots the kernel density distributions of the estimates for our two
main outcome variables from 100 simulations using the reshuffled lineage connections across surnames within
the same prefecture. The right panel presents the kernel density distributions of estimated coefficients from 100
simulations based on lineage connections that are reshuffled across prefectures with the same surname.
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Figure 6: Shares of Pioneering Firms Among Diaspora and Non­Diaspora Entrants

Note: This figure plots the share of diaspora pioneering firms among all diaspora entrants and the share of non­
diaspora pioneering firms among all non­diaspora entrants by year of entry. A pioneering firm is defined as the
first private entrant in a 4­digit industry in a prefecture.
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Table 1: China’s Opening Process

Year Opening policy Open regions

1980 Special Economic Zone Shenzhen, Zhuhai, Shantou, Xiamen

1984 Open Coastal City

Dalian, Qinhuangdao, Tianjin, Yantai,
Qingdao, Lianyungang, Nantong,

Shanghai, Ningbo, Wenzhou, Fuzhou,
Guangzhou, Zhanjiang, Beihai

1985 Open Coastal City Yingkou

1987 Open Coastal City Weihai

1988 Special Economic Zone Hainan Province

1990 Special Economic Zone Shanghai Pudong District

1992 Deng Xiaoping’s Southern Tour All other regions

Source: https://en.wikipedia.org/wiki/Chinese_economic_reform.
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Table 2: Summary Statistics

N Mean Std
(1) (2) (3)

Panel A: Surname­Prefecture­Year
At Least One Diaspora Entrant 1,345,024 0.021 0.142
Number of Diaspora Entrants 1,345,024 0.060 1.437
Survival­Adjusted 1,345,024 0.052 1.234Number of Diaspora Entrants
Number of Surviving 1,345,024 0.009 0.181Diaspora Entrants in 2014
Surviving Registered Capital 1,345,024 27.017 940.778of Diaspora Entrants in 2014 (104 CNY)
Survival Ratio of Diaspora Entrants in 2014 27,846 0.168 0.338
Average Registered Capital per Surviving 27,846 806.588 3,967.006Diaspora Entrant in 2014(104 CNY)
Panel B: Surname­Prefecture
Lineage Connection (All Cohort) 84,064 0.002 0.008
Lineage Connection (Prior to 1945) 84,064 0.002 0.008
Lineage Connection (Prior to 1949) 84,064 0.002 0.008
Lineage Connection (Prior to 1960) 84,064 0.002 0.008
Panel C: Prefecture
Diaspora Firm Stocks in 1996 (104) 332 0.032 0.114
Non­Diaspora Foreign 332 0.101 0.329Firm Stocks in 2014 (104)
Domestic Private Firm Stocks in 2014 (104) 332 5.658 11.605
Non­Diaspora Foreign Registered 332 226.390 744.190Capital in 2014 (104 CNY)
Domestic Private Registered 332 8,244.674 101,000Capital in 2014 (104 CNY)
Employment in 2015 (104) 278 264.084 213.128

Note: Panel A reports the summary statistics of diaspora firms at the surname­
prefecture­year level. The survival­adjusted number of entrants is defined as the num­
ber of diaspora entrants that survived for at least four years. In panel B, the measure of
lineage connection is calculated from equation 1, based on surnames of different birth
cohorts in the China Population Survey of 2005 at the surname­prefecture level. Panel
C reports summary statistics for the variables at the prefecture level. The first five vari­
ables were constructed from the SAIC database while the data of employment sizes in
2015 are from the China Population Survey of 2015.
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Table 3: Lineage Connection and Entry of Diaspora Firms

Standard DID Adjusted DID
Number of
Diaspora
Entrants

Survival­
Adjusted
Number of
Diaspora
Entrants

Number of
Diaspora
Entrants

Survival­
Adjusted
Number of
Diaspora
Entrants

(1) (2) (3) (4)

Mean of Dep. Var. 0.060 0.052 0.060 0.052

Open × Lineage Connection 1.767*** 1.517***
(0.574) (0.527)

Open × High Connection Dummy 0.079*** 0.077***
(0.007) (0.010)

N 1,344,421 1,344,421 1,344,421 1,344,421

Number of Incumbent Firms Y Y Y Y

Surname­Prefecture FE Y Y Y Y

Surname­Year FE Y Y Y Y

Prefecture­Year FE Y Y Y Y

Note: Standard errors are clustered at surname­prefecture level. Survival­adjusted Number of Di­
aspora Entrants is the number of entrants that survive for more than four years (included). “Open”
indicates whether the prefecture has been opened to foreign investment. “Lineage Connection”
is measured between surname and prefecture. Columns (3) and (4) follow De Chaisemartin and
D’Haultfoeuille (2020) and use Stata command “did_multiplegt” with default settings to perform
adjusted DID estimations (De Chaisemartin, D’Haultfoeuille and Guyonvarch, 2021). The vari­
able “High Connection Dummy” equals one if the lineage connection for a surname­prefecture
pair is greater than the median across all pairs, and 0 otherwise. We use this dummy variable
instead of a continuous connection measure mainly because the estimation method used here is
computationally infeasible with our dataset for the continuous measure.
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Table 4: Testing Sorting on Entry Quality

Entry Quality
Survival Ratio of

Diaspora Entrants in
2014

Log Average
Registered Capital per
Surviving Diaspora
Entrant in 2014

(1) (2)

Mean of Dep. Var. 0.168 6.693

Open × Lineage Connection ­0.333 9.291
(0.825) (6.529)

N 20,633 20,633

Number of Incumbent Firms Y Y

Surname­Prefecture FE Y Y

Surname­Year FE Y Y

Prefecture­Year FE Y Y

Note: Standard errors are clustered at the surname­prefecture level. ”Open” in­
dicates whether a prefecture opened to foreign investment. See equation 1 for the
definition of “Lineage Connection.” “Survival Ratio of Diaspora Entrants in 2014”
is defined as the share of entrants that were surviving as of 2014 conditional on
entry of diaspora firms. “Log Average Registered Capital per Surviving Diaspora
Entrant in 2014” refers to the natural logarithm of the average registered capital
for the diaspora firms that were still active as of 2014. We deal with log zero by
inverse hyperbolic transformation in column (2).
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Table 5: Seeding Effects of Diaspora Firms

Non­
Diaspora
Foreign
Firm

Stocks in
2014

Domestic
Private
Firm

Stocks in
2014

Log Reg­
istered

Capital of
Non­

Diaspora
Foreign
Firms in
2014

Log Reg­
istered

Capital of
Domestic
Private
Firms in
2014

Local
Employ­
ment in
2015
(104)

(1) (2) (3) (4) (5)

Panel A: OLS

1996 Diaspora Firm Stocks 1.644*** 64.651*** 0.046%*** 0.043%*** 0.104***
(0.298) (9.616) (0.000) (0.000) (0.018)

Panel B: 2SLS

1996 Diaspora Firm Stocks 3.232*** 161.574*** 0.396%*** 0.252%*** 0.453***
(1.154) (61.344) (0.000) (0.001) (0.1670)

Panel C: First Stage

Dependent Variable: 1996 Diaspora Firm Stocks

Predicted Diaspora Firm Stocks 46.265***
(16.419)

N 231 231 231 231 231
F statistics 58.940 58.940 58.940 58.940 58.940
Controls Y Y Y Y Y
Province Fixed Effects Y Y Y Y Y

Note: Standard errors are clustered at the province level and shown in parentheses. The data on
non­diaspora foreign firms and domestic private firms in 2014 are from the SAIC database. The
data on employment size in 2015 are from the China Population Survey of 2015. Panel A presents
the OLS estimates, while panel B shows the 2SLS estimates using the predicted diaspora firm
stocks in 1996 as IV for the observed diaspora firm stocks in 1996. Panel C reports the first stage
of the 2SLS estimation. Controls include province fixed effects, number of years since opening
up, distance to the sea, log slope of the land, log elevation of the land, log cultivated land per capita
in 1996, and log average wage in 1996 in each regression. The Cragg­Donald Wald F statistic is
reported for IV regressions. We deal with log zero by inverse hyperbolic transformation.
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Appendix for Online Publication

A.1 Algorithm to Identify Overseas Chinese and Their Surnames

This section introduces the algorithm we use to identify overseas Chinese and their Chinese

surnames among the registered personnel working in foreign companies. We extract from the

State Administration of Industry and Commerce of China (SAIC) database all the registered

personnel working in foreign firms according to the firm’s ownership code, with the following

variables available for each person: name, ID type, registry address, executive position, and a

dummy for the legal representative status.

Before formally executing our algorithm, we perform a preparatory cleaning procedure to

leave out all symbols (such as comma, period, or semicolon) and word content that is unrelated

to names (such as titles,“Mr.,” “Dr.,” or “appointed by the parent company”), since many name

entries are unstructured in the raw data we acquired. This step breaks down the raw variable

“name” into strings of pure Chinese or English characters. Thus name strings can be further

categorized into three kinds: names written in pure Chinese (李小龙), names written in pure

English (Bruce Lee), and names written in both Chinese and English (李小龙 Bruce Lee).

It is fairly straightforward to identify the Chinese surnames for name strings written in pure

Chinese and in both Chinese and English, because both groups contain names written in Chi­

nese. But it is relatively hard to identify surnames for the names written in English because

English spellings of Chinese surnames unnecessarily map one­to­one into Chinese characters.

See Figure A.1 for an illustrative example. To lessen this issue, we construct an English­Chinese

mapping based on the third group of strings, the names written in both Chinese and English.

We then break down each English spelling into Chinese surnames in proportion based on its

relative presence in mixed entries. For example, a “TAN” is equivalent to 0.927 “陈,” 0.062

“谭,” and 0.011 “谈” as in Figure A.1.

Below we provide detailed introductions of the algorithm we execute to identify overseas

Chinese and their surnames for each type of strings.

Names written in pure Chinese. Foreigners, typically Japanese and Korean, may also

register their names using Chinese characters. This further complicates the analysis. In light
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Figure A.1: Example of Spelling­Character Mapping between English and Chinese

Note: This figure illustrates the fact that the mapping between English spelling and Chinese character is not neces­
sarily one­to­one for Chinese surnames. In the left panel, we show the proportion of each possible English spelling
of the Chinese surname “陈” among registered personnel who have name entries with both English characters and
Chinese characters in the SAIC database. In the right panel, we instead present the proportions of each possible
Chinese character that can be associated with the English spelling TAN.We use these empirical probabilities to map
Chinese surname entries with only English strings into Chinese characters for calculating the lineage connections
of diaspora firms.

of these concerns, we apply the following procedures to identify ethnic Chinese and their sur­

names:

1. For each string of a name entry, if the length of the string is greater than four Chinese

characters, we tag the string as non­ethnic Chinese, since common ethnic Han Chinese

names rarely contain more than four Chinese characters. If the length of the string is

exactly four Chinese characters, we check whether the first two characters of the string

match with double­character Chinese surnames (such as 欧阳, 司马). If the match is

successful, we tag the name as ethnic Chinese; otherwise, ethnic non­Chinese. If the

length of the string is less than four Chinese characters, we match the first Chinese char­

acter with the Chinese surname dictionary. If the match is successful, we tag the name

as ethnic Chinese; otherwise, the name will be tagged as ethnic non­Chinese. This step

produces a tag of ethnic Chinese status for each string of any name entry.

2. For each string of a name entry, we match the first one/two/three Chinese characters

with the most common 1,000 Japanese surnames obtained from Wikipedia. If the fol­

lowing three conditions are satisfied simultaneously, we tag the string as a Japanese sur­
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name (otherwise a non­Japanese surname): (1) the match with the most common 1,000

Japanese surnames is successful; (2) the ID type of the personnel is foreign passport; and

(3) the registry address starts with a typical location in Japan. This step produces a tag of

Japanese status for each string of any name entry.

3. For each string of a name entry, we match the first Chinese character with the most com­

mon 100Korean surnames obtained fromWikipedia. If the following three conditions are

satisfied simultaneously, we tag the string as a Korean surname (otherwise a non­Korean

surname): (1) the match with the most common 100 Korean surnames is successful; (2)

the ID type of the personnel is foreign passport; and (3) the registry address starts with a

typical location in South Korea. This step produces a tag of Korean status for each string

of any name entry.

4. For each string of a name entry, if it is tagged ethnic Chinese, non­Japanese, and non­

Korean, we deem the person an ethnic Chinese.

5. If a person is deemed an ethnic Chinese, we extract the leftmost character of the first

string of the name entry as the surname for the ethnic Chinese, given that the length of

the first string of the name entry is shorter than four characters. We extract the leftmost

two characters of the first sting of the name entry as the surname for the ethnic Chinese,

if the length of first string of the name entry is exactly four.

Names written in pure English. In the subgroup of name strings that are written in pure

English, what is noticeable is that the surname can be placed in either the leftmost string or

rightmost string. Furthermore, some irregular name entries that fail to insert a blank space

between surnames and given names make it infeasible to match name strings directly with the

Chinese surname dictionary. In light of these concerns, we apply the following procedures to

identify ethnic Chinese and their surnames:

1. We first divide the name entries into two groups: one with multiple strings (with a blank

space in the name entry), and the other with a single string (without a blank space in the

name entry).
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2. For the group with multiple strings, we match the leftmost and rightmost character with

the Chinese surname dictionary. If thematch is successful for either the leftmost character

or the rightmost character, we tag the name as ethnic Chinese. If only one of them is

matched, the successfully matched surname is chosen to be the surname of the ethnic

Chinese. If both characters are successfully matched, we keep the leftmost character as

the surname by default (in our database, surnames are more likely to be identified in the

leftmost position). Otherwise, a name entry is tagged as being ethnic non­Chinese.

3. For the group with a single string, we manually determine name entries’ ethnic Chinese

status and surnames.

4. We assign each English­spelling surname into Chinese characters in a probabilistic way.

We use the observed empirical mapping between Chinese surnames and English spellings

in the mixed entries as bootstrapped weights in the probabilistic assignment.

Names written in both Chinese and English. The group of names written in both Chinese

and English serve as a “bridge” between English spellings and Chinese characters. We construct

an English­Chinese surname mapping based on the group of names written in both Chinese and

English. The mapping enables us to execute the probabilistic assignment for each English­

spelling surnames into Chinese characters.

1. We break down each name entry into two parts: the part of Chinese strings, and the part

of English strings.

2. For the part of Chinese strings, we apply the same procedure as for the names written in

pure Chinese. This step produces a temporary ethnic Chinese tag. We also extract the

surname of ethnic Chinese written in Chinese character.

3. For the part of English strings, we apply the same procedure as for names written in

pure English. This step produces another temporary ethnic Chinese tag. We also extract

leftmost English string and rightmost English string.

4. If the temporary ethnic Chinese tags from both parts are negative, we tag the person as

non­Chinese. If not, we proceed along the following steps. We first match sequentially
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the leftmost English string and rightmost English string with the identified Chinese char­

acters from the Chinese strings, based on the Chinese surname dictionary. If either match

is successful, we tag this person as ethnic Chinese. We further deem the identified Chi­

nese character as the ethnic Chinese’s surname. We also identify the matched English

string as the legitimate spelling for the Chinese character. If both matches are successful,

we keep the leftmost spelling as the default.

5. This procedure produces not only the surname for each ethnic Chinese, but also an English­

Chinese mapping that can be used for randomly assigning English spellings into Chinese

characters with empirical weights bootstrapped from the sample of overseas Chinese.

Determining overseas Chinese. The previous steps identify whether a person is ethnic

Chinese or not. We further separate the mainlander and overseas Chinese according to the ID

type associated with each registered personnel. An overseas Chinese is an ethnic Chinese who

holds an ID from somewhere other than Mainland Chinese—including a passport of a foreign

country and a residency card of Hong Kong, Macau, Taiwan.
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A.2 Comparison with Other Data Sources on Chinese Inward FDI

In this section, we illustrate the advantages of our comprehensive foreign firm dataset and cross­

validate our data with other data sources.

Figure A.2: SAIC versus ASIF: Firm Size

Note: In this figure, we plot the distribution of the registered capital of foreign firms observed in the SAIC database
and ASIF respectively. We can immediately see that the ASIF firms are much larger than the firms in the SAIC
database in terms of registered capital. Therefore using ASIF firms to study foreign firms in China would miss a
large number of small firms.

Foreign firms covered by the ASIF data versus those covered by the SAIC data. An­

other frequently used firm­level dataset is the Annual Survey of Industrial Firms (ASIF). We

show that our SAIC database provides additional strengths for studying foreign firms in China,

compared with the ASIF data. First, the SAIC database is representative of foreign firms of all

sizes, while the ASIF data only cover large firms with sales of more than 5 million CNY. Figure

A.2 plots the distribution of the registered capital of foreign firms at the end of 2007, constructed

from the SAIC data and the ASIF data, respectively. It clearly shows that the SAIC data cover

smaller firms, while the ASIF data do not. Second, Figure A.3 depicts that while 98% of firms

included in the ASIF data are manufacturing firms, our full­sample SAIC database suggests

that manufacturing firms only account for 41.3% of the population of foreign firms. These two

biases of the ASIF data in sample coverage could result in the large discrepancy between the
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two databases in terms of the number of entrants over time, as shown in Figure A.4.

Figure A.3: SAIC versus ASIF: Sectors

Note: In this figure, we plot the compositions of foreign firms in the SAIC database and the ASIF data. As
expected, the ASIF data only cover manufacturing firms, while in the SAIC database manufacturing firms account
for only about 40% of all firms by count. Therefore, using the ASIF data to study foreign firms in China would
miss a large number of non­manufacturing firms that influence the country’s economic development.

Diaspora firms versus Hong Kong, Macau, and Taiwan (HMT) firms. Due to data

limitations, prior literature often uses HMT firms to proxy diaspora firms (Lin, Liu and Zhang,

2009; Huang, Jin and Qian, 2013). There are two biases embodied in such an approach. First, a

lot of Europe­based and United States­based multinationals invest in Mainland China through

Hong Kong as a conduit, but they are not actually diaspora firms. Second, residents in HMT

only make up a small fraction of the overseas Chinese. In Figure A.5, the number of diaspora

entrants is always greater than the number of HMT entrants over time. Furthermore, the gap

widened during the process of China’s gradual accession to the World Trade Organization from

1995 to 2007.

Foreign firms versus foreign direct investment (FDI). As a monetary concept, FDI in­

cludes both the initial and follow­up investment from a foreign owned entity. We cross validate

our dataset of foreign firms both in counts and volumes with the official FDI data provided by

the Ministry of Commerce of China. Figure A.6 suggests that the contracted FDI, measured in

number of cases or U.S. dollars, is highly correlated with the foreign firm entry we observe in
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Figure A.4: SAIC versus ASIF: Number of Foreign Entrants

Note: In this figure, we show the discrepancy between the SAIC database and the ASIF data over time by plotting
the number of foreign entrants in the two datasets. We can see that using the ASIF data to study foreign firms
would only cover a selective sample of all foreign firms and the gap is growing over time.

Figure A.5: Diaspora Firms versus HMT Firms

Note: In this figure, we separate HMT diaspora firms from the non­HMT diaspora firms. HMT firms refer to those
diaspora firms from Hong Kong, Macau, and Taiwan. We can see that the percentage of HMT firms among all
diaspora firms dropped to around 40% even before 2000. This pattern indicates that HMT firms can not be used
as a good proxy for diaspora firms.
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our dataset. Furthermore, the realized FDI measured in U.S. dollars is also highly correlated

with the registered capital of the surviving foreign firms in 2014 calculated from our dataset.

Our dataset therefore is consistent with official aggregate FDI statistics both in counts and vol­

umes.

Figure A.6: Cross Validation with Official FDI Statistics in Aggregate

Note: In this figure, we try to cross­validate our use of the SAIC database to characterize foreign investments by
comparing the entry and the registered capital of foreign firms calculated from the SAIC database with the number
of contracted FDI cases and the contracted FDI capital observed in the data provided by theMinistry of Commerce.

51



A.3 Additional Figures and Tables

Figure A.7: Adjust Entry by Survival with Different Thresholds

Note: In this figure, we plot the coefficients obtained from running the regression in the baseline specification in
equation 2 with different thresholds for survival­adjusted number of diaspora entrants.
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Table A.1: Personnel Structure of Foreign Firms

Percentage

Has a legal representative 96.84

Has a chairperson on the board 23.90

Has a CEO 20.57

Has more than one legal representative 1.35

Has more than one chairperson 4.78

Has more than one CEO 1.24

Note: The sample includes all registered personnel
working in foreign firms that ever existed from 1981
to 2014.
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Table A.2: Legal Representative versus Top Executive Position in a Foreign Firm

Top Executive Not Top
Executive

Total

Legal Representative 45.18% 3.22% 48.40%

Not Legal Representative 15.54% 36.06% 51.60%

Total 60.72% 39.28% 100%

Prob(Top Executive/Legal Representative) =45.18%/48.40% =93.36%
Prob(Legal Representative/Top Executive) =45.18%/60.72% =74.41%

Note: The sample includes all registered personnel working in foreign firms that ever
existed from 1981 to 2014. The number represents the percentage of personnel in each
category. Conditional on being a legal representative, a person’s chance of holding a
top executive position within a foreign firm is 93.36%. Conversely, the chance is
reduced to 74.41% for being a legal representative given that he or she holds a top
executive position.
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A.4 Additional Robustness Checks

Table A.3: Robustness Checks: Alternative Dependent Variables

At Least
One

Diaspora
Entrant

At Least
One

Surviving
Diaspora

Entrant after
Four Years

At Least
One

Surviving
Diaspora
Entrant in
2014

Log
Surviving
Registered
Capital of
Diaspora
Entrants in

2014
(1) (2) (3) (4)

Open × Lineage Connection 0.766*** 0.672*** 0.165*** 1.229***
(0.112) (0.102) (0.053) (0.422)

Adj.R2 0.383 0.373 0.255 0.271
N 1,344,421 1,344,421 1,344,421 1,344,421

Number of Incumbent Firms Y Y Y Y
Surname­Prefecture FE Y Y Y Y
Surname­Year FE Y Y Y Y
Prefecture­Year FE Y Y Y Y

Note: Standard errors are clustered at the surname­prefecture level. Open indicates whether
the prefecture has been opened to foreign capital, and lineage connection is between surname
and prefecture, calculated from equation 1. We deal with log zero by inverse hyperbolic
transformation.
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Table A.4: Robustness Checks: Poisson Regression

Number of
Diaspora Entrants

Survival­Adjusted
Number of

Diaspora Entrants

(1) (2)

Open × High Connection Dummy 0.438* 0.431*
(0.250) (0.259)

Pseudo R2 0.833 0.830
N 1,344,421 1,344,421

Number of Incumbent Firms Y Y
Surname­Prefecture FE Y Y
Year FE Y Y

Note: Standard errors are clustered at the surname­prefecture level. Survival­
adjusted Number of Diaspora Entrants is the number of entrants that survive for
more than four years (included). Open indicates whether the prefecture has been
opened to foreign capital, and lineage connection is between surname and prefec­
ture calculated from equation 1. Estimation is based on a Poisson regression model.
High Connection Dummy equals one if the lineage connection for a surname­
prefecture pair is greater than the median across all surname­prefecture pairs and
zero otherwise.
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Table A.5: Robustness Checks: Alternative Setups

Open × Lineage Connection
Alternative Standard

Error
Include Round­Trip

Entrants
(1) (2)

Number of Diaspora Entrants 1.767*** 3.821***
(0.493) (0.820)

Survival­Adjusted Number 1.517*** 3.253***
(0.456) (0.743)

N 1,344,421 1,344,421

Number of Incumbent Firms Y Y
Surname­Prefecture FE Y Y
Surname­Year FE Y Y
Prefecture­Year FE Y Y

Note: Standard errors are clustered at the surname­prefecture level except in column (1).
Survival­adjusted Number of Diaspora Entrants is the number of entrants that survive for
more than four years (included). Open indicates whether the prefecture has been opened
to foreign capital, and lineage connection is between surname and prefecture calculated
from equation 1. In column (1), we cluster the standard errors at the prefecture level
instead of the surname­prefecture level. In column (2), we include the potential round­
trip diaspora entrants which are defined as foreign entrants represented by citizens of
the People’s Republic of China.
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Table A.6: Pairwise Correlations: Lineage Connection Measures for Different Birth Cohorts

Birth Cohort (1) (2) (3) (4) (5) (6)

(1) 1940­1949 1.000
(–)

(2) 1950­1959 0.603*** 1.000
(0.000) (–)

(3) 1960­1969 0.548*** 0.602*** 1.000
(0.000) (0.000) (–)

(4) 1970­1979 0.528*** 0.569*** 0.610*** 1.000
(0.000) (0.000) (0.000) (–)

(5) 1980­1989 0.554*** 0.625*** 0.611*** 0.568*** 1.000
(0.000) (0.000) (0.000) (0.000) (–)

(6) 1990­1999 0.591*** 0.579*** 0.625*** 0.569*** 0.631*** 1.000
(0.000) (0.000) (0.000) (0.000) (0.000) (–)

Note: This table shows pairwise correlations for lineage connection measures constructed
based on different birth cohorts in the China Population Survey of 2005. Significance levels
are in the brackets.
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Table A.7: Robustness Checks: Alternative Lineage Connection Measures

Open × Lineage Connection
Birth Cohorts

Before 1945 Before 1949 Before 1960
(1) (2) (3)

Number of Diaspora Entrants 2.112*** 2.100*** 2.019***
(0.742) (0.742) (0.731)

Survival­Adjusted Number 1.809*** 1.800*** 1.739***
(0.663) (0.663) (0.656)

N 1,344,421 1,344,421 1,344,421

Number of Incumbent Firms Y Y Y

Surname­Prefecture FE Y Y Y

Surname­Year FE Y Y Y

Prefecture­Year FE Y Y Y

Note: Standard errors are clustered at the surname­prefecture level. Survival­
adjusted Number of Diaspora Entrants is the number of entrants that survive
for more than four years (included). Open indicates whether the prefecture
has been opened to foreign capital, and lineage connection is between surname
and prefecture calculated from equation 1. From column (1) to column (3), we
use an alternative lineage connection measure calculated based on individuals
born before 1945, 1949, and 1960 respectively from China Population Survey
of 2005.
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A.5 Additional IV Results

Table A.11: Balance Test

Predicted
Number of

Diaspora Firms
in 1996

Number of
Observed

Diaspora Firms
in 1996

(1) (2)

Years Since Opening Up 1.477*** 172.718***
(0.414) (55.146)

Distance to Sea 0.002 ­0.004
(0.004) (0.211)

Log Slope ­3.371* ­363.187
(1.925) (270.317)

Log Elevation 1.702* 119.294
(0.974) (128.701)

Log Cultivated Land per capita 1996 ­0.699 ­421.615*
(0.699) (241.391)

Log Average Wage 1996 0.098 941.342**
(1.733) (398.290)

R2 0.528 0.745
N 231 231

Note: We regress the observed number of diaspora firms surviving in 1996 and
the predicted number of diaspora firms in 1996 separately on a set of prefecture­
level controls in this table. In column (1), we see that our instrument is orthog­
onal to these prefecture characteristics. In column (2), the observed number of
diaspora firms in 1996, shows stronger correlation with these prefecture char­
acteristics in terms of more significant and larger coefficients and an larger R
squared.
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Table A.12: Seeding Effects of Diaspora Firms: Without Controls

Non­
Diaspora
Foreign
Firm

Stocks in
2014

Domestic
Private
Firm

Stocks in
2014

Log Reg­
istered

Capital of
Non­

Diaspora
Foreign
Firms in
2014

Log Reg­
istered

Capital of
Domestic
Private
Firms in
2014

Local
Employ­
ment in
2015
(103)

(1) (2) (3) (4) (5)

Panel A: OLS

1996 Diaspora Firm Stocks 2.374*** 72.352*** 0.062%*** 0.044%*** 0.870***
(0.614) (12.126) (0.001) (0.000) (0.114)

Panel B: 2SLS

1996 Diaspora Firm Stocks 3.274*** 162.255*** 0.317%*** 0.226%*** 4.476***
(1.205) (64.060) (0.001) (0.001) (1.700)

N 266 266 266 266 266
F statistics 48.741 48.741 48.741 48.741 48.741

Controls N N N N N
Province Fixed Effects Y Y Y Y Y

Note: Standard errors are clustered at the province level and shown in parentheses. The data
on non­diaspora foreign firm stocks and domestic private firm stocks in 2014 are from the
SAIC database. The data on employment in 2015 are from the 2015 Population Survey of
China. Panel A presents the OLS estimates, while panel B presents the 2SLS estimates using
the predicted diaspora firm Stock in 1996 as an IV for the observed diaspora firm stock in
1996. The Cragg­Donald Wald F statistic is reported for the IV regressions. We deal with log
zero by inverse hyperbolic transformation.
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